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B. Model and Hyperparameter
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C. Training Result
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VI. RESULT

A. Performance Metric
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B. Melody evaluation
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C. Demo Music
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The low quality recording features a drum &
bass song that consists of a repetitive female
vocal sound effect, growl synth bass, manic
percussions, shimmering hi hats, punchy kick
and snare hits and echoing synth pad. It sounds
energetic, aggressive and manic - like
something you would hear in underground
clubs during the 00s.

This is an advertisement jingle music piece. It
is an instrumental piece. The main theme is
being played by the piano while there is a
synth string sound in the melodic background.
There is an emotional, heart-touching
atmosphere. This piece could be used in the
soundtrack of a drama movie during scenes of
tragedy. It could also work well as an
advertisement jingle where there is an

attempted appeal to emotion.

o

o


https://drive.google.com/file/d/10FHcLCBDuzvdehvtltfVo4u_EBijtP-F/view?usp=sharing
https://drive.google.com/file/d/1QHcztUyaLd77ccYJf8iesgIUuIbOzy2L/view?usp=sharing

The low quality recording features a live
performance that consists of bagpipes
melodies. It sounds soulful, passionate
cultural and the recording is in mono and

noisy.

It sounds energetic, aggressive and manic -
like something you would hear in underground
clubs during the 00s.

It sounds soulful, passionate, cultural and the
recording is in mono and noisy.
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VII. CONCLUSION
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